In this paper, I consider a specific channel through which trust between parties to an exchange can go on to affect nations' comparative advantage in certain industries. My approach revolves around the autonomy that employers (principals) grant to workers (agents), which is a key feature of workplace organization. I hypothesize that social trust generates a comparative advantage in industries with more autonomous micro production environments. I employ individual-level data on work autonomy to construct a measure of the extent to which industries are characterized by autonomy in the production process. Results of a cross-country cross-industry analysis confirm that countries with higher levels of social trust have a comparative advantage in high-autonomy industries and vice versa. Results are robust to the possibility of reverse causality. The paper's key contribution is to provide a link between the microeconomic literature on workplace organization and the comparative macroeconomic literature on social trust. JEL codes: D23, L23, M54, O43, O57, P50
Introduction
Social trust, which can be defined simply as a societal norm of cooperation, provides the basis for collective action and is linked to uncertainty reduction and lower transaction costs in economic exchange (Arrow, 1972; Gambetta, 1988; Fukuyama, 1995) . As an informal enforcement mechanism, social trust allows exchange relationships to exist and extend beyond kinship-based communities, in turn sustaining a more fine-grained division of labour and increased specialization (Fukuyama, 1995) . The macro-level implications of social trust-promoting economic prosperity and fostering other beneficial societal outcomes-are thus well understood (Beugelsdijk et al., 2004; . Moreover, the basic logic underlying these positive effects of social trust-running through enforcement, transaction costs, and the division of labour-is also clear.
However, extant research has narrowly focused on relationships between macro-level variables and does not consider how exactly trust between two or more parties to an exchange goes on to affect economies in the aggregate. Whilst lower transaction costs and uncertainty reduction are intuitively appealing promoters of economic exchange at the micro level, little attention has been paid to the connection between the micro level at which social trust operates and trust's effect on economic outcomes at the macro level. This paper seeks to contribute to the comparative macroeconomic literature on social trust by considering such a connection. Specifically, this paper works on developing and testing a microlevel channel through which social trust affects nations' comparative advantage. To do so, I combine two important developing research areas, one at the micro level and one at the macro level.
First, a growing literature considers workplace organization or organizational design to account for firm-level differences in performance and productivity (see Bloom et al., 2014 for a review). I expand on earlier work to consider work autonomy instead of more narrow and concrete human resource management practices. 1 Second, researchers have started to use cross-country cross-industry analysis to 3 study domestic institutions as determinants of comparative advantage, especially of industry export flows (see Nunn and Trefler, 2013 and Ciccone and Papaioannou, 2016 for reviews). The idea in this literature is that the institutions in a country can be an endowment in much the same way that traditional production factors such as labour and capital are. In particular, the relative strength or weakness of certain institutions in a country would lead this country to have a comparative advantage in certain types of activities or industries. Earlier cross-country cross-industry studies of countries' comparative advantage focused on the role of formal institutions. Manova (2008 Manova ( , 2013 , for instance, finds that countries with a welldeveloped financial system have a comparative advantage in capital-intensive industries. I follow-up with a cross-country cross-industry analysis that considers social trust as a key informal institutional endowment. 2 Following the standard approach in the literature (Romalis, 2004; Nunn and Trefler, 2013) , an essential feature of my cross-country cross-industry analysis is the benchmarking of industries. Whereas capital or labour intensity are standard industry benchmarks, my concern with social trust and workplace organization means that I characterize the organization of work in a particular industry based on the level of autonomy granted to employees in this industry. Trust operates at the micro level where it governs interactions between economic actors. Hence, by considering the level of work autonomy that principals trust has a positive effect on the level of autonomy granted to employees (Van Hoorn, 2013; Gur and Bjørnskov, 2016) . Figure A .1 in the appendix documents this positive correlation between social trust and average work autonomy in a country, using data from two of the main datasets used in this paper. 2 Tabellini (2008) and Cingano and Pinotti (2012) examine the effect of social trust on export flows from different types of industries. Compared to my work, these studies suffer several drawbacks, however.
These drawbacks include biased results on the count of so-called attenuation and amplification effects (Nunn and Trefler, 2013; Ciccone and Papaioannou, 2016) and the use of blunt instrumental variables (Bazzi and Clemens, 2013 ) that violate the exclusion restriction (see, also, for example Algan and Cahuc, 2013 for a discussion of violations of the exclusion restriction in social trust studies). 4 grant to their agents, I am able to construct an industry measure that embodies micro-level evidence on a vital form of exchange between two parties. Many papers in the literature on domestic institutions and export patterns construct industry benchmarks based on industries' intermediate inputs such as capital.
The present paper, in contrast, employs individual-level data, thus obtaining an industry benchmark that gives a most detailed and direct reflection of what goes on in firms within specific industries and how people in an industry work together to create added value. Empirically, the key question that I address in this paper is how social trust interacts with my industry benchmark and affects whether countries have a comparative advantage in high-or low-autonomy industries.
Workplace organization, specifically work autonomy, provides the starting point for my analysis. A straightforward definition of work autonomy is as 'the condition or quality of being self-governing or free from excessive external control' (Jermier and Michaels, 2001: 1006) . I have the following hypothesis: the stronger a country's social trust norm, the more this country has a comparative advantage in industries characterized by high levels of work autonomy in their production processes. Autonomy for workers is associated with various advantages for firms, deriving from the division of labour and specialization in the production process (Becker and Murphy, 1992) . Granting specialist workers the autonomy to organize their productive activities in the way they deem fit results in a more efficient production process than when a non-specialist manager tells workers exactly what they should be doing. However, a disadvantage of giving employees freedom to perform their job in their own way is that, in the absence of monitoring and control, it can be difficult to get employees to act in the best interest of the firm, as highlighted by the classic principal-agent problem. In short, for firms, work autonomy only pays off if this autonomy is accompanied by a certain amount of trust. The reason is that the presence of trust implies that the principal is justified in relying on the agent to foster the principal's interests despite a lack of formal incentives. In contrast, if trust is absent, costs due to shirking are likely to outweigh the benefits of having expert workers that can leverage tacit skills and uncodified knowledge. The effect of social trust that matters here is therefore not so much about beliefs that employers have about their workers, but about 5 how workers will behave when granted a certain amount of autonomy. Aggregating the above logic of trust as a form of cooperation, I expect that industries characterized by highly autonomous work environments will flourish in high-trust societies, whilst these industries will struggle in low-trust societies. More specifically, I expect that social trust acts as an institutional endowment so that countries with strong societal trust norms will have a comparative advantage in industries with more autonomous work environments as for these industries social trust is a relatively more important endowment. Overall, the theoretical rationale for my hypothesis thus follows the standard logic of comparative advantage and relative factor abundance: countries will have a comparative advantage in those industries for which their informal institutional endowments provide a useful resource for firms active in these industries and vice versa. 3 To test my hypothesis, I use the standard cross-country cross-industry estimating equation for comparative advantage (e.g., Romalis, 2004) . This means that I interact my measure of social trust with the industry benchmark of work autonomy, whilst controlling for country and industry fixed effects. A positive and significant coefficient for this interaction indicates that countries with higher social trust have a comparative advantage in high-autonomy industries, which would confirm my hypothesis. Results provide strong support for my hypothesis and are robust to a variety of checks, including the use of alternative measures of industry work autonomy. To identify whether social trust indeed causally interacts with industry work autonomy to affect countries' comparative advantage in specific industries, I build on analysis and use trust scores from migrants to measure the cultural component of social trust that is independent of countries' economic and institutional environment. The resulting trust indicator helps affirm that social trust causally interacts with workplace organization to shape cross-6 country patterns of comparative advantage. Overall, the evidence thus provides strong empirical support for the idea that social trust interacts with workplace organization to affect economies in the aggregate. This paper, then, makes two main contributions, an empirical one and a broader, conceptual one.
Extant studies of the economics of social trust leave us wondering about a specific channel through which trust between parties to an exchange affects economies in the aggregate. The basic logic-running through uncertainty reduction and lowering of transaction costs-is obvious, but lacks detailed evidence on the steps involved, particularly at the micro level, which is the level at which we expect trust to act as an informal enforcement mechanism that facilitates exchange between economic actors. My main empirical contribution subsequently is to pin down a specific channel for a key macroeconomic consequence of social trust, namely nations' comparative advantage. Starting with workplace organization at the micro level and going up all the way to comparative advantage at the macro level, this paper's empirical evidence shows how trust between two parties can go on to affect societies as whole.
The paper's broader contribution lies in connecting important research areas. Institutions, formal ones such as rule of law and informal ones such as culture and social trust, are widely recognized for having important macroeconomic consequences. Similarly, there is increasing interest in workplace organization and organizational design as key determinants of firm performance. Nevertheless, even though the development of economies as a whole is crucially driven by the activities of firms, these two literatures have mostly developed disjointedly. My paper indicates one way of integrating the two strands of research, forging the kind of connection between different levels of analysis that seems vital for better understanding a variety of macroeconomic outcomes and how these are affected by informal institutions.
Autonomy as a feature of workplace organization

Measuring work autonomy
Management scholars have long been interested in features of workplace organization and what workers actually experience in their jobs (e.g., Hackman and Oldham, 1975) . Adam Smith's (1776) famous 7 description of a pin factory is thereby identified as the first contribution on this topic (Oldham and Hackman, 2010) . The typical approach to measuring work autonomy (or other features of workplace organization) is via surveys, specifically questionnaire items that ask respondents to report on the level of autonomy or freedom that they experience in their work. Different survey instruments are available and the most widely used instruments simply ask respondents something along the following lines: 'Using this card, please say how much the management at your work allows/allowed you to decide how your own daily work is organised.' This item is included in the European Social Survey (ESS) (Jowell and the Central Co-ordinating Team, 2007) , a cross-national survey of some 30 Eurasian countries, and actually the main item that I draw on in this paper. Respondents can rate their level of work autonomy from 0, 'I have/had no influence' to 10, 'I have/had complete control.' Of course, many different item wordings are possible. The US General Social Survey (GSS) (Smith et al., 2013) , for instance, presents a statement to respondents ('I am given a lot of freedom to decide how to do my own work') and offers four possible answers ('1 -Not at all true,' '2 -Not too true,' '3 -Somewhat true,' and '4 -Very true'). 4 The basic idea is always the same, however, namely that people report on their experienced level of work autonomy.
Validity of measured work autonomy
A concern with the typical work autonomy measure is that it is subjective, based on individuals' perceptions, which could result in biases due to non-random measurement error. Of course, work autonomy has already been much studied in management (see Jermier and Michaels, 2001 for a review).
Nevertheless, to gather some explicit evidence on the validity of measured work autonomy, I adopt the standard approach to assessing construct validity in psychology, which is to check how a measured construct relates to other constructs that would theoretically relate to the construct of interest in specific ways (Cronbach and Meehl, 1955) . If a construct is valid, it should exhibit logical relationships with other 8 constructs.
<Insert Table 1 about here> Taking this approach, I find that measured work autonomy relates to a variety of other factors in a manner that provides strong validation of the construct (Table 1) . Notably, managers have higher levels of work autonomy than subordinates do and the higher educated are granted more autonomy than people with lower levels of education are. In addition, levels of work autonomy relate to other perceived features of workplace organization, specifically the amount of influence people have on organizational decisions (see, also, Van Hoorn, 2016). Overall, patterns found are precisely the patterns that we expect from valid measures of work autonomy, strongly suggesting that indicators of work autonomy indeed measure what they are supposed to measure.
A measure of industry work autonomy
In this section, I construct a measure of industry work autonomy and demonstrate the reliability of this measure. Valid measures of work autonomy offer a great opportunity to benchmark industries on the basis of micro-level features of their work environments, in turn allowing me to establish a micro-level channel for the effect of social trust on macroeconomic outcomes.
My approach is to employ individual-level data on work autonomy and construct an industry benchmark that captures how people in specific industries work together to create value added. By nature of their production processes and how these are organized, industries may be characterized as having more or less autonomous work environments. Taking this micro-level approach, I ensure that my analysis of countries' comparative advantage in specific industries is consistent with and, in fact, strongly grounded in our understanding of trust as a factor shaping exchange relationships between economic actors. 9 I measure industry work autonomy using the first four waves of the cross-national ESS data set introduced in the previous section. The first four waves of the ESS have recorded respondents' industry of occupation using two-digit NACE codes (revision 1.1), for a total of 138,445 individual observations in 62 industries. 5 An important feature of my industry work autonomy measure is that it comprises individual-level data from multiple countries and not just one country, as is typical in the literature. A problem for cross-country cross-industry studies is so-called benchmarking bias, which can shift estimates downwards or upwards (Nunn and Trefler, 2013; Ciccone and Papaioannou, 2016) . A downward, attenuating bias occurs because the benchmarking of industries is subject to random measurement error. The upward, amplifying bias occurs because the benchmarking of industries on the basis of data from only one country (for example the US) likely results in an industry benchmark that is reminiscent of the specific institutions in this country that affect the country's industrial structure. An upward bias then occurs because the resulting industry benchmark is more accurate for countries that are institutionally more similar to the country that provided the data used for constructing the original industry benchmark. I calculate the measure of industry work autonomy using data from 30 highly institutionally diverse countries, which likely alleviates the problem of benchmarking bias. 6 Nevertheless, as a robustness check, I repeat my baseline analysis using two alternatives to my main measure of industry work autonomy. For the first alternative measure, I use only individual-level data from countries 5 NACE codes refer to the Statistical Classification of Economic Activities developed by the statistical agency of the European Union. NACE codes match ISIC codes. I use data from the first four waves of the ESS only because the industry data from later waves of the ESS are not compatible with industry data from these earlier waves. 6 In terms of institutional diversity, these countries cover all five legal origins recognized in the literature (common law, French law, German law, socialist law, and Scandinavian law) and seven out of the 12 clusters of national culture identified by Hofstede (2001) , the world's leading cross-cultural researcher (see Van Hoorn, 2016) . I calculate industry work autonomy as the mean level of work autonomy reported by all respondents working in a particular industry. Table 2 (Panel a) presents the results for the 24 industries for which I also have country data on comparative advantage (see the next section). Although the 24 industries are somewhat similar-none belong to the services sector-there is substantial variation in average work autonomy. Measured industry differences thereby have face validity with, for instance, the Manufacture of medical, precision and optical instruments, watches and clocks involving much more autonomy in the production process than the Manufacture of textiles does. Furthermore, measured differences between the 24 industries coincide with our intuition concerning traditional sectors that have comparatively little potential for dynamic efficiency gains (e.g., Manufacture of tobacco products) and sectors that are more high-tech and have comparatively much potential for dynamic efficiency gains (e.g., Manufacture of office machinery and computers). I find similar industry differences for the alternative measures of industry work autonomy (Table B .1 in the appendix).
To provide a comparative perspective, I also present aggregated autonomy scores for the second least autonomous industry, after the Manufacture of textiles (Mining of coal and lignite, extraction of peat), and for some high-autonomy industries that also cannot be considered in the empirical analysis due to missing data ( 
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<Insert Table 2 about here> Although employing cross-national data alleviates (benchmarking) biases, a remaining question is whether the measure of industry work autonomy is reliable. A particular concern is whether enough workers per industry have responded to the questionnaire item on work autonomy to render consistent results for the measured differences in industries' micro work environments. To check the reliability of the industry work autonomy measure, I triangulate measures of aggregate work autonomy across three different surveys (Table 3 ). These surveys have employed comparable but not identical questionnaire items to measure work autonomy. Moreover, data have been collected in a highly diverse group of countries, notably the US (GSS data), the Eurasian countries covered by the ESS data, and other countries from all over the world, including Japan, Mexico, Taiwan, South Africa and Dominican Republic (ISSP data). Notwithstanding, correlations between the various measures of aggregate work autonomy are strong, typically well above 0.70.
<Insert Table 3 about here> These high correlations between aggregated autonomy scores constructed from different questionnaire items and data collected in countries with highly diverse institutional environments indicate that measures of industry work autonomy are, in fact, highly reliable, and not nearly as susceptible to measurement error as one might expect. Whether we use data from Eurasian countries, the US, or a varied set of countries worldwide, the industry differences in aggregate work autonomy that we find are highly similar, independent of the sample or the precise measure of work autonomy used. Still, reliability (as evidenced by the correlations between the three measures) tends to improve from having more individual-level respondents on which to base the work autonomy score of an industry (see, for example, Panel a of Table   12 3 versus Panel b of Table 3 ). The most reliable results are obtained when there are at least 100 respondents per industry (Panel c of Table 3 ). In the empirical analysis, I therefore only include industries that meet this observational threshold. As it turns out, all industries depicted in Panel a of Table 2 meet this threshold (the lowest number of individual-level observations for any industry is 107).
Estimating equation and data
Estimating equation
I test the hypothesis that social trust interacts with industry work autonomy to affect countries' comparative advantage by estimating the following standard equation (Romalis, 2004) :
(1)
In this equation, lnR ci is the natural logarithm of the revealed comparative advantage of country c in industry i, a i is the measure of industry work autonomy, and T c is a country's social trust norm. The key term in this equation is the interaction between industry work autonomy and social trust (a i T c ). By my hypothesis, a stronger social trust norm interacts with workplace organization to generate a comparative advantage in high-autonomy industries. Hence, I expect a positive coefficient for this trust interaction.
A concern with the trust interaction is that both social trust (T c ) and industry work autonomy (a i ) proxy for another set of industry features and country factors that also interact to affect nations' comparative advantage in specific industries. Notably, social trust and industry work autonomy appear closely related to human capital, not least as firms seem more likely to grant autonomy to workers when these workers are better skilled and more highly educated (cf. possible concern is that the model in Eq. 1, whilst controlling for human capital and skill intensity, still suffers an omitted variable bias. First, not yet considered, countries' formal institutional environment may also play a role (cf. Levchenko, 2007; Nunn, 2007) . Hence, to rule out any spurious effect that might derive from not controlling for quality of formal institutions, I also consider a model that adds the interaction between institutional quality of country c (Q c ) and industry work autonomy (a i ) to the baseline model depicted in Eq. 1. 7 Second, I want to rule out that any effect found might be due to higher social trust, somehow, favouring industries that are more dependent on external finance (cf. Manova, 2008 Manova, , 2013 . Hence, I also extend Eq. 1 to consider the interaction between social trust (T c ) and an industry benchmark of reliance on external finance (f i ). I am able to match industry autonomy scores to data on RCA for 24 industries from the STAN database (see Table 2 ). To be sure, the STAN database covers more industries. However, these are not at the two-digit NACE level, notably because they collapse RCA scores for two or more two-digit industries into one. For example, NACE industries 13 (Mining of metal ores) and 14 (Other mining) do not have distinct RCA scores in the STAN database only a single score covering both these industries. I therefore cannot match these RCA data with the industry work autonomy measure constructed in Section 3, as this measure concerns only distinct two-digit industries. Implication is that the analysis below does not agent that could be subject to enforcement through formal institutions. Consistent with this observation, Van Hoorn (2013) finds that trust is more strongly related to work autonomy than is institutional quality.
consider all industries in the countries in my sample. Note, though, that this lack of industry data does not affect the RCA measure itself, which is still constructed involving the exports of all countries in all industries. As data on Luxembourg are missing, the STAN database has data available for 29 countries, all OECD members. The empirical analyses thus concern a total of 24x29=696 observations. 2009 ). This canonical measure derives from the dummy-coded questionnaire item asking respondents whether they find 'most people can be trusted' (score of 1) or 'you need to be very careful in dealing with people' (score of 0). The EVS-WVS has collected trust data in different waves, starting in 1981. I follow the standard procedure in the literature, which is to calculate country trust norms by aggregating responses from the various waves, meaning that for most countries I include responses from more than one wave. This procedure matches the conception of social trust as a stable cultural trait of societies with deep roots (Guiso et al., 2008) . Table C .1 in the appendix presents scores on the trust measure for the 29 countries in the sample. To address potential reverse causality, from comparative advantage to social trust, I also construct an alternative trust indicator that provides a more direct measure of the cultural component of social trust and is untainted by nations' revealed comparative advantage. I describe the construction of this indicator and its rationale in detail in the next section. Table 4 presents the baseline results, obtained by estimating different specifications of Eq. 1. Results reveal a strong and statistically highly significantly positive interaction between social trust and workplace organization (Model 1), which confirms my hypothesis that societies with stronger trust norms have a comparative advantage in industries characterized by more autonomous work environments, and vice versa. This relationship between social trust, workplace organization, and industry comparative advantage remains when controlling for confounding effects associated with countries' human capital endowment and the intensity with which industries use high-skilled labour in their production processes (Models 2-4). The coefficients for the interaction terms involving human capital both have the expected sign and are statistically significant at usual levels when included separately (Models 2-3). Including both interaction terms simultaneously, however, neither of the terms is statistically significant at usual levels, whilst the social trust interaction is (Model 4).
Empirical results
Baseline results
<Insert Table 4 about here> More important than statistical significance, the social trust interaction is also highly significant in terms of effect size. As I report standardized beta coefficients, we can easily ascertain that a one standard deviation increase in the trust interaction is associated with an increase in revealed comparative advantage of about one standard deviation, ceteris paribus. Naturally, the magnitude of the coefficient for the trust interaction decreases a bit when adding control variables. This is as expected, however, given that social trust is recognized to have a positive effect on human capital accumulation (Coleman, 1988) . In fact, there is a case to be made that Models 2-4 are overfitted because social trust has a causal effect on human capital. In terms of the aim of this paper, these baseline results provide strong support for the idea that industries characterized by highly autonomous micro work environments flourish in high-trust societies, 18 in turn resulting in predictable patterns of comparative advantage at the macro level.
Robustness checks
To assess the robustness of the baseline results presented in Table 4 , I perform several additional checks. I start with a very simple and general check that explicitly deals with outliers. For this purpose, I reestimate Eq. 1 (Model 4 in Table 4 ) using quantile regressions and a sample that excludes any observations that score more than two standard deviations below or above the mean on either revealed comparative advantage (lnR ci ) or on the trust interaction (a i T c ). To save space, I do not report detailed results here, but these are available on request. In all cases, the coefficient for the interaction between social trust and industry work autonomy remains strongly positive and highly statistically significant.
As indicated in the previous section, to address potential benchmarking biases (Nunn and Trefler, 2013; Ciccone and Papaioannou, 2016) , I check the robustness of my baseline results to the measure of industry work autonomy used. Results show that the relationship between the trust interaction and comparative advantage continues to hold when using the two alternative measures of industry work autonomy (Models 5 and 7 in Table 5 ). Estimates are less precise, but this is as expected given that the two alternative measures are based on less information (i.e., on fewer individual-level observations) than the original measure of industry work autonomy and, therefore, have more measurement error. In terms of attenuating or amplifying bias, using the two alternative measures of industry work autonomy renders both a larger and a smaller coefficient for the trust interaction compared to models that concern the same sample but employ my original measure of industry work autonomy (Model 5 versus Model 6 and Model 7 versus Model 8). Being in between, I conclude that the original industry work autonomy measure is able to render estimates that are largely unbiased, neither over-nor understating the extent to which social trust and workplace organization interact to shape cross-country patterns of comparative advantage.
<Insert Table 5 
about here>
Expanding on the industry benchmarking check, I also assess whether the baseline results are robust to using the alternative measure of industry skill intensity that I have constructed. Again, results are largely the same as before (Model 9 in Table 5 versus Model 4 in Table 4 ).
<Insert Table 6 about here> Finally, I extend the baseline model to control for quality of formal institutions and industries' dependence on external finance respectively (Table 6 ). In all cases, the estimated coefficient for the interaction between trust and industry work autonomy remains strongly and statistically significantly positive. This finding extends to the model that considers both institutional quality and dependence on external finance simultaneously (Model 13).
Dealing with potential reverse causality
Although the above results are suggestive of social trust causally interacting with workplace organization to affect industry comparative advantage, without additional evidence we cannot rule out completely that there is reverse causality between social trust and countries' comparative advantage in certain industries.
Indeed, the positive relationship between the trust interaction and revealed comparative advantage would also be consistent with a process in which countries that have a comparative advantage in high-autonomy industries tend to develop societal norms that provide further support to the workings of these industries.
Ordinarily, one would deal with this endogeneity problem via instrumental variables analysis.
Instrumenting for social trust is notoriously problematic, however, as the factor(s) that could instrument for social trust typically also instrument for other determinants of comparative advantage, thus violating the exclusion restriction (e.g., Algan and Cahuc, 2013) ,.
My solution is to construct an indicator of social trust that captures the stable cultural component of 20 trust, meaning that this indicator is as much as possible independent of economic and institutional influences in general and of industry comparative advantage in particular. The way I go about constructing this indicator is to use trust levels reported by migrants to proxy for social trust in these migrants' countries of ancestry (cf. . Migrants are a special group, as they can still harbour their culturally determined trust attitudes but are not affected by the reigning economic and institutional conditions in their ancestry countries, simply because they no longer reside in these countries. Accordingly, the remaining country-of-ancestry effects are a direct reflection of the cultural component of social trust, whilst the only economic or institutional influences on migrants' trust levels are due to the economic and institutional conditions in their destination countries. The data that I use to construct this indicator of the cultural component of social trust come from the ESS (Waves 1-5) and
concern first and second generation migrants. The appendix presents a detailed description of the construction of the indicator. 8
<Insert Table 7 about here> I use the alternative social trust indicator to re-estimate the baseline model (Model 4). The trust interaction remains highly statistically significant and sizeable, also when I further control for institutional quality (cf. Model 10) (Table 7) . Overall, I conclude that social trust indeed causally interacts with workplace organization to shape cross-country patterns of comparative advantage.
Conclusions
The idea of specialization through the division of labour is one of the most powerful ideas in economics.
Trust subsequently is widely recognized for its role as a social lubricant, fostering mutually beneficial exchange and thereby sustaining higher levels of specialization. Moreover, many studies show that social trust is a robust determinant of various macroeconomic outcomes. What is lacking, however, is a specific pathway that can take us from the micro logic of trust as a promoter of economic exchange to the macro evidence on the effect of social trust on societies as a whole. In this paper, I have sought to develop such a channel, working on pinning down how social trust may matter for the interaction between economic actors at the micro level in a way that affects economies in the aggregate. Specifically, my empirical analysis indicates that social trust interacts with workplace organization to determine countries' comparative advantage and shape cross-country patterns of comparative advantage.
The paper's broader contribution lies in bringing together two important literatures that so far have been largely unconnected. Significant advances have been made in the literature on the effect of workplace organization and organizational design on firm performance (e.g., Bloom et al., 2014) and in the literature on the effect of informal institutions, particularly social trust, on macroeconomic outcomes (Algan and Cahuc, 2013) . Unfortunately, these developments have been happening largely independent from each other. From this perspective, the connection that I have sought to develop in this paper can be seen to act as a lynchpin that brings the two literatures together. A most fruitful avenue for future research is to establish further lynchpins as a way of incorporating other types of microeconomic insights in the comparative study of economies. 
Supplementary material
The appendix for this paper is available online at the OUP website. All data used are publicly available.
Data files and the SPSS syntax and Stata Do files that allow the regression results of this paper to be reproduced from these data sources are also available on the OUP website. (Jowell and the Central Co-ordinating Team, 2007) . The ISSP measure of work autonomy asks respondents "Which of the following statements best describes how your daily work is organized?," giving three possible answers: "1 -I am not free to decide how my daily work is organized," "2 -I can decide how my daily work is organized, within certain limits," and "3 -I am free to decide how my daily work is organized." As with the GSS item, I have reverse coded answer categories for this item so that a higher score indicates more work independence. ISCED stands for International Standard Classification of Education. The division of respondents' number of years of schooling in seven quantiles (ESS data) has been chosen to match the seven categories of ISCED. Waves from the ESS are selected to match the ESS waves that I use later on to benchmark industries by their level of work autonomy. Instead of calculating mean autonomy scores, I have also estimated regression models with work autonomy as the dependent variable and the individual characteristics listed in the table as independent variables, as in Van Hoorn (2013). Results (available on request) reveal the same patterns as presented here, supporting the construct validity of the work autonomy measure. More information about the surveys used, as well as details on all questionnaire items, can be found at the websites of these surveys: http://www.europeansocialsurvey.org for the ESS, http://gss.norc.org for the GSS, and http://www.issp.org for the ISSP. 5.61 Fishing, fish farming and related service activities [5] 6.03 Manufacture of food products and beverages [15] 4.74 Manufacture of tobacco products [16] 4.20 Manufacture of textiles [17] 3.83 Manufacture of wearing apparel; dressing and dyeing of fur [18] 3.97 Tanning and dressing of leather [19] 4.08 Manufacture of wood and of products of wood and cork, except furniture; manufacture of articles of straw and plaiting materials [20] 4.79
Manufacture of pulp, paper and paper products [21] 5.10 Publishing, printing and reproduction of recorded media [22] 6.42 Manufacture of coke, refined petroleum products and nuclear fuel [23] 6.09 Manufacture of chemicals and chemical products [24] 5.85 Manufacture of rubber and plastic products [25] 4.71 Manufacture of other non-metallic mineral products [26] 4.74 Manufacture of basic metals [27] 4.78 Manufacture of machinery and equipment not elsewhere classified [29] 5.29 Manufacture of office machinery and computers [30] 6.27 Manufacture of electrical machinery and apparatus not elsewhere classified [31] 5.12 Manufacture of radio, television and communication equipment and apparatus [32] 5. The dependent variable is the natural logarithm of revealed comparative advantage of country c in industry i. The industries that have been dropped differ for the two alternative measures of industry work autonomy (see Table B .2 in Appendix B). Standard errors (in parentheses) are robust standard errors. Coefficients are standardized beta coefficients. ***p<0.01, **p<0.05, and *p<0.10. The dependent variable is the natural logarithm of revealed comparative advantage of country c in industry i. Since the trust measure used for this table is itself generated using regression analysis, standard errors are robust standard errors that are bootstrapped using 1,000 repetitions. Coefficients are standardized beta coefficients. ***p<0.01, **p<0.05, and *p<0.10.
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39.5%
[21] 16.8% Notes: Standard deviations in parentheses and number of observations in square brackets, if applicable. The construction of the two alternative measures of industry work autonomy, one based on individual-level data from countries that have mean levels of mean work autonomy below the sample average and one based on individual-level data from countries that have mean levels of mean work autonomy above the sample average, is described in the main text. Following the results of the reliability analysis (Section 3 and Table 3 in the main text), I only consider alternative 8 industry work autonomy scores based on responses from at least 100 individuals. This criterion results in missing industry work autonomy scores for three out of 24 industries in the analysis. As mentioned in the main text, I construct the two measures of industry skill intensity in the same way as the industry work autonomy measure, meaning that I aggregate individual-level data from Waves 1-4 of the ESS at the industry level. Although they have the same survey as their source, the data for these two measures is rather different. High skill intensity is measured as the percentage of people employed in an industry with an educational classification of at least some tertiary education (ISCED V1 or higher). The ISCED measure of a respondent's education level is constructed by the ESS project team by recording the highest degree that a respondent has obtained, which is country-specific, and then harmonizing the recorded degree to fit the cross-country ISCED classification. General skill intensity, in contrast, does not involve post-processing and is simply measured using respondents' answer to the survey item that asks them how many years of education they have. See Panel c of Table 1 for more information on the education data in the ESS. The measure of high skill intensity is the main measure that I use in my empirical analyses, using the general skill intensity measure in a robustness check. Following the procedure for industry work autonomy, I have checked that industry skill intensity scores are based on at least 100 individual-level observations. The calculation of the measure of industries' dependence on external finance is as described in the main text.
Supplementing the industry-level data presented in Table B .1, Table B .2 concerns data on country-level independent variables, for which I present summary statistics for each of the 29 countries in my sample. Appendix C: Social trust indicators and their construction Table C .1 reports country scores on the two different trust indicators that I use in the empirical analysis. The main trust indicator (first column) is based on all available data from the combined EVS-WVS dataset. As discussed in the main text, the alternative trust indicator is constructed as a measure of the cultural component of social trust that is stable and independent of economic and institutional influences. I construct this indicator using data on first-and second-generation migrants from the ESS (Waves 1-5 / years 2002-2010). The ESS trust item is almost identical to the EVS-WVS trust item, asking respondents to answer the following question: 'Generally speaking, would you say that most people can be trusted, or that you can't be too careful in dealing with people?,' with answers ranging from 0, 'You can't be too careful' to 10, 'Most people can be trusted.' The approach to constructing the alternative trust indicator is to model individual trust as a function of a set of independent variables. The most important independent variables are the dummy variables that represent the country of ancestry of migrants, as I use the estimated coefficients for these dummies to measure the cultural component of trust (cf. . Other independent variables are added as control variables. The main control variables are dummies for the destination country of migrants, which capture variation in trust scores due to living in a particular economic and institutional environment. I further control for age (10 cohort dummies), sex, marital status, employment status, income category, religious denomination (Roman Catholic, Protestant, Eastern Orthodox, Other Christian denomination, Jewish, Islamic, Eastern religions, Other non-Christian religions), and year fixed effects. When using categorical independent variables, I add a category for cases with missing data.
A key feature of the measurement of the cultural component of social trust is the identification of first-and second-generation migrants and their ancestry countries. I identify first-generation migrants by respondents' answers to the item asking 'Were you born in [country]?' For these individuals I subsequently identify their country of ancestry by the answer to the item asking 'In which country were you born?' In similar fashion, I identify second-generation migrants by respondents' answers to three survey items. As with first-generation migrants, the first item asks 'Were you born in [country]?' The other two items ask 'Was your father born in [country]?' and 'Was your father born in [country]?' respectively. I classify a respondent as a migrant when their father, their mother, or both their parents were not born in the destination country, whilst the respondent was. I subsequently identify these migrants' country of ancestry using the two items asking 'In which country was your father born?' and 'In which country was your mother born?' In principle, a respondent's father and mother can be born in different countries, in which case I select the country in which the respondent's mother was born as the ancestry country.
Using the above approach, I identify 15,208 migrants with ancestry in one of the 29 countries in my RCA sample. Table C .1 presents the scores of these countries on the measure of the cultural component of social trust, in turn obtained by estimating the regression model described above. Details of this regression model are available on request.
